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The model incorporates the distinction between states and traits, originally developed by
Cicero over 2000 years ago (Eysenck, 1983b). The lower the level, the more it is a

measure of state; the higher the level, the more it is a measure of trait.

Eysenck, H. J. (1991). Dimensions of personality: 16, 5 or 3?—Criteria for a taxonomic
paradigm. Personality and individual differences, 12(8), 773-790.
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Cattell, R.B. (1966). The scientific analysis of personality. Penguin Book.
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Shimizu, K. (2018). Dimensionality of career indecision: Methodological perspectives.
In J. A. Ferreira, M. Reitzle & E. Santos (Eds.), Development in context: Festschrift for
Fred Vondracek (pp.219-236). University of Coimbra Press.

Nesselroade (1988) discussed such problems in the context of human development as
trait-state distinction. He proposed that observed variables can have both, a latent
variance of trait and a latent variance of state (also see, Hertzog & Nesselroade, 1987).
Traditionally, it is assumed that items load chiefly on one common factor and that such
simple structure is desirable for scale construction. Nesselroade’s proposal is that an
item as an observed variable loads on two latent factors; one is the trait factor, the
other is the state factor. Geiser, Keller, Lochart, Eid, Cole, and Koch (2015) described
such a trait-state distinction model. In this model, multistate factors were defined at
each occasion of longitudinally repeated observations and singletrait factors were
defined as a common latent factor. (Shimizu, 2018, p.231)
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New one: State-Trait distinction model
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State-Trait Distinction model with mean structure
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STD Model 2
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The idea that mean-levels and variability of personality were connected was not new. Cattell (1957)
wrote extensively on the topic of variability and the need to assess the relationship between personality
“levels” and variability, but because there were several structural theories of personality (including
Cattell’s 16 factor solution; Cattell, Eber, & Tatsuoka, 1970), none of which were dominant or involved
the large-scale data collection of states that the Big 5 have garnered in the last 20 years, such questions
were almost completely unexplored.
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